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Evaluation of effectiveness of reconfirm prompt for LLMs

RYUTO MATOISHI"T  TOSHIMITSU HONGYO'!
DAISABURO YOSHIOKAT

Abstract: Large Language Models (LLMs) are developing rapidly, with the range of options expanding from large-scale
commercial LLMs to smaller open-source LLMs. Since LLM performance depends on the prompts provided, extensive research
on effective prompt design has been proposed in recent years. Prompt design is particularly important for smaller models, as their
outputs tend to be less stable.

Few-shot learning, which involves providing multiple example sentences, is a well-known representative technique for prompt
design. In our previous research, we proposed a ‘reconfirm prompt’  for classification tasks using few-shot learning, and
demonstrated the effectivenss on the ChatGPT model.

In this study, we verify the effectiveness of our reconfirm prompt for small-scale LLMs using natural language processing
datasets and reports that an improvement in accuracy was achieved.
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1. [FCBHIC

KB E 35T 5 /v (Large Language Model ; LLM)23N 253 (2

FJE L, ChatGPT X° Gemini 72 & O A LLM 2> 5 Llama 72
EOF =TV —ALLM 72 &, LLM OBIRAE H ALK LT
W5, LLM OMREIZ 525 7 a7 MEET 5720, %)
Rie 7 v 7 MR O EFBEANREIN TN D
[1]. /PEREL LLM (ZEE R ZE L RVWEENICH D720, %
M ET MICRB N C T By 7 NRGHIEEIC R D & &
Zbid.

Tar7 NEFONREFTIEE LT, BEOMIE S 2D
Few-shot Z=E A L < b TV 5B[2]. £ 72, “Let’s think step
by step” ® — XL &M% 5 Z & THEGRIBAE & L9 zero-shot
CoT(Chain of thought)[3]X°, MIRESC % MV iK§ Re-reading &
REINTVE. ZNHOL ) REHELTFETHREOS S
To o7 MERENT, FEAERICEEE SND.

—J5C Few-shot %8 & AW\ 7= 0% 27 T, 52 54
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ST ERFBIZEZ T B D T~ B E DR 5 TS A
T ADFEENRE SN TWB[E]. % Z THxlE, Few-shot
FEEROESEECEN T [Y A7 1T 2R
ERBICHMERT D7 N BIRZE L[6], ChatGPT &
TN CHEREOSEZEFELZ[7]. LoL, Chat
GPT Z FHWZFEHIi DA TH Y, TFT MATRLE L 72 WA
DIFFENRLEEEZD.

% ZCTAMETIE, B0 LLM X500, FERNE ik
wBru T NORMEERFET S, £/ zero-shot CoT &
Re-reading & O HATV, FEREHR T 77 S OBER
P& T 5.

2. 77 R

Few-shot “=E IFEHDOFITE 5252 & T, BIEREZ
LF7u T N RETHY, Tur T MEFITREE LT
L E<HLNTWD. BIESH ¥ A 7 I3 2R
72 Few-shot #EHD 7 a S 2R 1LIZOESL., Fr 7k
DFHICH X7 OBAREE 7 +—~ v b &iERT AR



AL A T
IPSJ SIG Technical Report

X1 EZEZ, nfHOFIXHER5FX E, £ L CHBEXQ
OWERRE D . LLM X5 27707 ORI L &xiENE

BETHDIENFEINTEBY[8], ¥ AZIZBET 3R
Db EEREREZS 2 OND 720, BHEIMZ THCO
BT ER TR LAY IR HMER T e 7 M ERRE LT
TA—< v MILLT O E 70 5.

7% 1 Few-shot % 7 1 > 7 h O

7 3 zero-shot CoT & Re-reading % H\ 7= Few-shot =% @
VA=A

I | Please analyze the text and evaluate its sentiment polarity.
Assign 0 for negative sentiment and 1 for positive
sentiment. Provide only the numerical response.

Let’s think step by step.

I | Please analyze the text and evaluate its sentiment polarity.
Assign 0 for negative sentiment and 1 for positive
sentiment. Provide only the numerical response.

E | Please refer to the following examples.
Sentence: this is one of polanski’s best films .
Result: 1

E | Please refer to the following examples.
Sentence: this is one of polanski’s best films .
Result: 1

Q | Sentence: no movement no yuks not much of anything.

R | Read the question again.

Sentence: no movement no yuks not much of anything.

Q | Sentence: no movement no yuks not much of anything.

2 B EERE e 7 b

I | Please analyze the text and evaluate its sentiment polarity.
Assign 0 for negative sentiment and 1 for positive
sentiment. Provide only the numerical response.

E | Please refer to the following examples.
Sentence: this is one of polanski’s best films .
Result: 1

A | Please analyze the text and evaluate its sentiment polarity.
Assign 0 for negative sentiment and 1 for positive
sentiment. Provide only the numerical response.

Q | Sentence: no movement no yuks not much of anything.

FEREMER AL, BRI ER—XEDat—Th 5.
HH O Few-shot 2 28 +E+Q HiEIZK LT, #BET 1
7 MI IHE+A+Q IEIE L A2 D

AFRTlE, zero-shot CoT & Re-reading % I\ 7= Few-shot
FELBGET 5. EN b FEOHIZ LLFIZO® % . Zero-shot
CoT FFE R XD IZHERm Z {2 9 "Let’s think step by step”#
AT D I+Z+E+Q #53C, Re-reading I3 RHEESC D 14 12 FEERH
REZ ARV KT IHE+Q+R HESL L BT 5.

3. ERER

FBTrHHR T a7 NORMEERGET 572012, U
M7 AR SEMF R F~—2 Th 5 GLUE9] &

JGLUE[10] B L EFILT — 4 2y N &AW CHEMT 5.

RAUMHEHT LT —F 2y FEDHED.

SST-2 [XBLH L B = — 7> & positive, negative D 2 i 7 ~ L
PG INTeT—4% %y b THD. WRIME 13 HAGE SNS
ﬁ#i“%ﬁ%%&)f’ﬁﬁ'rfﬁﬁﬁ& AT DIDDT—FEy hTh

, REIEMEAS 5 BkME(strong or weak positive, strong or weak
negative, neutral) T 7 ~ LA 1T ATV S [11]. AWFFE TI
positive(strong and weak positive), neutral, negative(strong and
weak negative)®D 3fE & L THEX A 7 ITHW .
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FAHBHI AT LT —HEY b

B Ay A AGE HeiE
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LEAT L INLT MNLI
7% 2 NP JSTS STS-B

LEST L AT, 2 X5 2EE, FE, 3
HIETDHHAT ThDH. ERTL7—%Ey MIMNLI &
INLI T 5. ISTS & STS-B 1T 2 X7 & b OFELE
0~5 DEHKMEMR I H I TWD

TRTCOFAZIZBWT, T A T —4#F 600 1T L,
FEfREREZHFS-. 22T, AT —FDOHTHK Y TR
GEENDTFT—Z IR E LTS, filE LT 258~
A7 ToHD SST-2 TiE, positive 28 300 1, negative 2% 300
& LTW5. Few-shot 28 THWAHISCIE, &5 7 T
ANBREISC n [l E2E T — 2 b EELICHETS. 21
SFETIE, positive(P)2> 5 n {8, negative(N)7> 5 n il o> 51 3¢
%32 (X, NPNP... & PNPN...0> 2 FEEH DIEE CHEM+ 5.
X% 5 EIEX CREROFEREATH e, 510 NF—r D
Few-shot 15l 3C 7> & -2 TEfi ?F%%Hf\“f:. 3MEHETHD
WRIME, MNLI, JNLI TiZ, &&(E), F/EM), F3L(N)DHF
& n ET DAL #Elﬂtlj L, 4 FHEONEE CHHET 5.
B % 5 [|E %, # 20 3% —2 0 Few-shot {51307 5 -1y
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DEIEAERNFEME 22 57-8, IEMRE L O Spearman FH
B CREAT L 72
3.1 ChatGPT ZMHU-IREEHER

RFEHIZ2PE M LLM T3 % ChatGPT % VY, % D Few-
shot Z#EH D712 7 F(IHE+Q) L {5 REFMR T v 7k
(HE+A+Q) Dt % 3% 5~10 I D 5. ChatGPT D &5 /L%

ChatGPT 40-mini Z W\ T 5. F7=, kD 7=9DIZ, zero-
shot CoT & Re-reading D#ER b &K 11~16 lZDE 5. KRBT
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R S 5. Re-reading X WRIME Tigh =W IEMER &
0, IO X AT THBAREERNZ V. —F T, Zero-
shot CoT 138 b IEfERMPMEWVFER NS N Z &b,

% 5SST-2 IZ31F % Few-shot 78 L ISR EfER O R # 11 SST-2 IZ81F 5 zero-shot CoT & Re-reading O F
Basic(I+E+Q) Reconfirm(I+E+A+Q) I+Z+E+Q I+E+Q+R
n Min. Max. | Avg. | Min. | Max. | Avg. n Min. Max. | Avg. | Min. | Max. | Avg.
2| 89.00 | 96.50 | 94.16 | 92.83 | 96.33 | 94.63 2 657 | 838 | 76.2| 753 | 845| 806
94.00 | 96.50 | 95.54 | 9450 | 96.83 | 95.58 6 587 | 842 | 756 | 802 | 842 | 824
10 | 93.33 | 97.50 | 95.14 | 94.83 | 96.66 | 95.61 10 788 | 852 | 827 | 802 | 843 | 826
50 | 83.50 | 97.50 | 94.21 | 95.50 | 96.50 | 95.99 50 552 | 785 | 639 | 812 | 837| 826
# 6 WRIME (2351) % Few-shot 223 & HioR FRHERR oD #it 5 # 12 WRIME {2351} % zero-shot CoT & Re-reading o 5
Basic(I+E+Q) Reconfirm(I+E+A+Q) I+Z+E+Q I+E+Q+R
n Min. Max. | Avg. | Min. | Max. | Avg. n Min. Max. | Avg. | Min. | Max. | Avg.
64.00 | 69.50 | 67.08 | 67.17 | 69.83 | 68.27 3 653 | 737 | 69.0| 653 | 723 | 70.2
63.67 | 69.83 | 66.92 | 66.17 | 70.67 | 68.53 6 650 | 723 | 69.0 | 677 | 71.7| 70.0
9| 65.00 | 68.67 | 66.85 | 66.67 | 70.00 | 68.38 9 573 | 737 | 682 | 673 | 727| 699
51 | 39.50 | 63.83 | 50.80 | 66.33 | 69.33 | 68.22 51 377 | 603 | 499 | 673 | 720| 69.6
# 7INLIIZEIT 5 Few-shot 223 & 5 /R FFRER OFE £ # 13 INLI 21+ % zero-shot CoT & Re-reading O it
Basic(I+E+Q) Reconfirm(I+E+A+Q) I+Z+E+Q I+E+Q+R
n Min. Max. | Avg. | Min. | Max. | Avg. n Min. Max. | Avg. | Min. | Max. | Avg.
62.33 | 77.83 | 72.62 | 79.33 | 83.80 | 81.40 3 563 | 773 | 710| 731| 801 | 775
6| 66.83 | 80.33 | 75.81 | 79.17 | 82.83 | 81.09 6 578 | 757 | 679 | 741 | 805| 77.0
73.33 | 80.50 | 77.28 | 76.83 | 83.83 | 81.01 9 437 | 655 | 546 | 728 | 798| 765
51 | 75.83 | 80.83 | 78.19 | 76.33 | 81.33 | 78.55 51 340 | 558 | 457 | 698 | 803 | 76.1
# 8 MNLI (Z31F % Few-shot 28 L R FHERR O R # 14 MNLI 231} % zero-shot CoT & Re-reading ™ i& %
Basic(I+E+Q) Reconfirm(I+E+A+Q) I+Z+E+Q I+E+Q+R
n Min. Max. | Avg. | Min. | Max. | Avg. n Min. Max. | Avg. | Min. | Max. | Avg.
70.50 | 78.17 | 75.23 | 74.83 | 80.50 | 78.39 3 658 | 76.0 | 714 | 737 | 79.7| 76.1
71.83 | 79.50 | 75.67 | 75.83 | 80.50 | 77.82 6 632 | 743 | 693 | 740 | 773 | 757
9 74.67 | 79.83 | 76.88 | 76.00 | 79.83 | 78.03 9 59.2 | 760 | 686 | 730 | 783| 753
51| 7217 | 77.17 | 7460 | 74.33 | 79.83 | 76.28 51 580 | 698 | 659 | 668 | 742| 718
# 9JSTS (281} 5 Few-shot 28 L FrR FHERR O R 7 15JSTS IZ81F B zero-shot CoT & Re-reading & &R
Basic(I+E+Q) Reconfirm(I+E+A+Q) I+Z+E+Q I+E+Q+R
n Min. Max. | Avg. | Min. | Max. | Avg. n Min. Max. | Avg. | Min. | Max. | Avg.
3| 0.308 | 0.896 | 0.763 | 0.881 | 0.909 | 0.889 3| 0.848 | 0.894 | 0.864 | 0.848 | 0.892 | 0.873
0.874 | 0.891 | 0.882 | 0.895 | 0.902 | 0.898 6| 0.559 | 0.888 | 0.837 | 0.839 | 0.894 | 0.875
9| 0.869 | 0.894 | 0.881 | 0.883 | 0.903 | 0.895 9| 0.824 | 0.882 | 0.857 | 0.867 | 0.894 | 0.882
50 | 0.689 | 0.868 | 0.774 | 0.899 | 0.905 | 0.902 50 | 0.524 | 0.866 | 0.723 | 0.851 | 0.890 | 0.876
7 10 STS-B (28T 5 Few-shot 238 & {5 /R EHER O K R 7% 16 STS-B IZ381F 5 zero-shot CoT & Re-reading O &
Basic(I+E+Q) Reconfirm(I+E+A+Q) I+Z+E+Q I+E+Q+R
n Min. Max. | Avg. | Min. | Max. | Avg. n Min. Max. | Avg. | Min. | Max. | Avg.
0.871 | 0.894 | 0.884 | 0.916 | 0.933 | 0.923 3| 0.862 | 0.909 | 0.893 | 0.884 | 0.916 | 0.900
0.903 | 0.914 | 0.908 | 0.916 | 0.928 | 0.924 6| 0.872 | 0.916 | 0.902 | 0.892 | 0.916 | 0.907
9| 0.906 | 0.919 | 0.913 | 0.922 | 0.932 | 0.923 9| 0.888 | 0.912 | 0.903 | 0.895 | 0.925 | 0.911
50 | 0.889 | 0.905 | 0.894 | 0.921 | 0.936 | 0.923 50 | 0.842 | 0.905 | 0.875 | 0.905 | 0.929 | 0.915
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32 LLM ZR-RIHER

F—7 YV —A LLM & LT, Meta fL3/AB L72 Llama

3.1 8b(llama3.1:8b) & 5 /L & H AFE

{7 /L Swallow

8b(okamototk/llama-swallow:8b)E 7 /L & FV 7= 3305 — &
4 v h(SST-2, MNLI, STS-B)Z Llama 3.1 Z i\, HAZES

— X ¥ > F(WRIME, JNLI, JSTS)i% Swallow TEEAf L 7=.
HOMELIZ I\ T Zero-shot CoT i3 Few-shot %

A
B L )T

HLEVRDN A Do T 7= RSN L, Few-shot 223 (1+E+Q),
PR E R (+E+A+Q), Re-reading(I+E+Q+R)D 3 FiED#E
REFIT~211
THEZEDHELITIHE CEXRWEE L AL, "RE”

L LTEOBRELOE T

THEROLEWEZ KT TRLTWS.

LEEDD. REETNORD, ELHE

5. FRTHE, 3 20RO H

ﬁ%%@tb,

%< DF R T FHiE

#EN5. Llama3.l &5 /L ® Few-shot F
L LTGDIEK#?%%ZYWM\: LB S B,

ﬁﬁﬁ IJ‘L

MZ XD I

o5,

mu7\3/7 b@ﬁ%ﬁl‘
3CI, B

FETARTCEEINDZ ERnbd. FRZ

i@ﬁ@&%ﬂﬁ#ésm&xaf11@ﬁﬁ&< Re-
reading & » 2 FREYETE TV D03, $57

FETHMETORE NS L.
Few-shot %38 C 1345 SC DO NE RS2 LIS AE L Chl B3+
LT ERMBNTNAY, XMz
TFRCTIMli L7z, 6 2DOFERNSE LR OTXEX 1-3
FIEETOZ AT TR, ErREHRE T o

ﬁﬁﬁn a7

T MIRELTZRRPGEONTVD Z E MR TED.

# 17 SST-2 |2 331F 2 Lhlgeht
Basic(I+E+Q) Reconfirm(I+E+A+Q) Re-reading(I+E+Q+R)

n Min. Max. Avg. | AfE Min. Max. | Avg. | AfE | Min. Max. Avg. N
2 0.499 0.512 | 0.501 82 0.820 | 0.953 | 0.890 0| 0.875 0.947 0.923 0
6 0.500 0.527 | 0.506 156 0.928 | 0.968 | 0.939 0| 00913 0.968 0.947 0

10 0.495 0.615 | 0.516 121 0.945 | 0.970 | 0.955 0| 0.950 0.978 0.966 0

50 0.478 0.525 | 0.502 0 0.928 | 0.965 | 0.956 0| 0.943 0.965 0.955 0

# 18 WRIME (23517 2 FLIi it R
Basic(I+E+Q) Reconfirm(I+E+A+Q) Re-reading(I+E+Q+R)

n Min. Max. Avg. | A Min. Max. | Avg. | AfE | Min. Max. Avg. N
3 0.588 0.690 | 0.650 0 0.618 | 0.677 | 0.647 0| 0.605 0.695 0.649 0
6 0.625 0.687 | 0.653 0 0.620 | 0.675 | 0.647 0| 0.542 0.692 0.645 0
9 0.613 0.668 | 0.648 0 0.622 | 0.670 | 0.645 0| 0.580 0.690 0.645 0

51 0.545 0.650 | 0.605 0 0.610 | 0.653 | 0.632 0| 0.608 0.660 0.638 0
# 19 INLI (81T 2 Hofgehb R
Basic(I+E+Q) Reconfirm(I+E+A+Q) Re-reading(I+E+Q+R)
n Min. Max. | Avg. | AfE Min. Max. | Avg. | A& | Min. Max. Avg. Al
3 0.447 0.713 | 0.589 0 0.542 | 0.702 | 0.628 0| 0.487 0.693 0.589 0
0.485 0.722 | 0.606 0 0.583 | 0.720 | 0.662 0| 0.538 0.720 0.636 0
9 0.475 0.710 | 0.588 0 0.577 | 0.737 | 0.665 0| 0.530 0.687 0.618 0
51 0.448 0.668 | 0.564 0 0.608 | 0.755 | 0.689 0| 0.567 0.732 0.645 0
# 20 MNLI IZ351F 2 bt SR
Basic(I+E+Q) Reconfirm(I+E+A+Q) Re-reading(I+E+Q+R)

n Min. Max. | Avg. | RME Min. Max. | Avg. | RfE | Min. Max. Avg. N
0.417 0.601 | 0.532 17 0542 | 0.680 | 0.615 0| 0.445 0.673 0.576 0
0.375 0.640 | 0.550 5 0.605 | 0.702 | 0.653 0| 0433 0.688 0.587 0

0.428 0.612 | 0514 56 0.573 | 0.690 | 0.640 0| 0420 0.680 0.581 0

51 0.357 0.495 | 0.411 0 0.587 | 0.702 | 0.660 0| 0.518 0.655 0.590 0
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# 20 JSTS (23317 B Ll 5

Basic(I+E+Q) Reconfirm(I+E+A+Q) Re-reading(I+E+Q+R)
n Min. Max. | Avg. | RME Min. Max. | Avg. | RfE | Min. Max. Avg. Ml
0.710 0.844 | 0.808 0 0.821 | 0.862 | 0.841 0| 0.772 0.832 0.811 0
0.751 0.829 | 0.793 0 0.811 | 0.854 | 0.837 0| 0.812 0.859 0.834 0
0.725 0.829 | 0.783 0 0.826 | 0.860 | 0.837 0| 0.791 0.856 0.820 0
51 0.461 0.744 | 0.645 0 0.820 | 0.843 | 0.832 0| 0.769 0.805 0.792 0
7 21 STS-B I H31F 5 Fhiehli
Basic(I+E+Q) Reconfirm(I+E+A+Q) Re-reading(I+E+Q+R)
n Min. Max. Avg. | A Min. Max. | Avg. | AfE | Min. Max. Avg. N
3 0.124 0.562 | 0.391 17 0.601 | 0.737 | 0.684 1| 0.625 0.737 0.689 3
0.052 0.619 | 0.404 203 0.495 | 0.719 | 0.633 1] 049 0.726 0.646 36
9 0.027 0.616 0.390 597 0.519 | 0.716 | 0.602 0| 0.534 0.708 0.628 82
51| -0.140 0.191 | 0.011 27 0.579 | 0.755 | 0.691 0| 0.177 0.656 0.403 7
O+E+A OI+E+A+Q U I+E+Q+R
U1+E+A UI+E+A+Q LJI+E+Q+R ).8
1 0.75
09 (] — = i i -
= iy - L I
I T 0.65 = ﬁ;ti ' $_ﬁ '
< 038 o TL T
i ] ﬁ ’ 0
'ﬁ 0.55
. o
0.6 . 0.5
0.5 [—= o = % 0.45
0.4 0.4
2shot 6shot 10shot 50shot 3shot 6shot 9shot 51shot
1SST-2 (%) & WRIME (£7) OO X
O1+E+A O1+E+A+Q O I+E+Q+R Or+E+A D 1+E+A+Q LII+E+Q+R
0.8 89
0.75 i o _ _
] 0.7 [ 7 : :
L i | i % i & B Q _ | El
B o6 — : - B
¥ 3 B 05
KM 055
0.5 0.4 =
0.45
0.4 0.3
3shot 6shot 9shot T 3shot 6shot 9shot Hlshot
2JNLI (%) & MNLI () OFOFIX
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{HE 1% % (spearman)

O1+E+A O I+E+A+Q O I+E+Q+R
0.8 i N
n—-l: ...... i |
0.6 - H =
0.4
0.2
1
0
-0.2
3shot fishot 9shot 51shot

X 3JSTS (&) & STS-B (FH) OFOTFH

O1+E+Q O1+E+A+Q O I+E+Q+R
0.9
. = - E =g =
= 08 | ] & ij _
£
g:_ 0.7 :
ﬁ 0.6
=
05 {
0.4
3shot 6shot 9shot 51shot
4. FED

AWFFETIE, O LLM &AW RERE T 7
NOBNREIELEFL O ARSIELET — % v R AWV
TEMI L7z, M LLM & —F v Y — R LLM 2B
T, %< OF A7 THRBHERIC X BIEREEOm EAvE
BENZ. LLMIZBWT, 0 X 9 A TR ik
R v T SBENT T DD OFER NN A O T
HD.
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