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A study of reality evaluation methods for fluid
simulation videos

Fuhuang GUO ¥ Kazuyuki TAKEWAKA! Shutong GE*> Masahiro IIDA 3

Abstract: In this study, a system for classifying the realism of fluid images is proposed. The classifier is
trained on a dataset of labeled images generated from water fluid simulations run using Blender. Transfer
learning is used to build the classifier. The evaluation achieved an average accuracy of 81.667 for three reality
classifications and was able to classify real water videos as realistic. This system provides a new way to
evaluate the realism of fluid images in VR applications.
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Figure 1 Relationship between time and number of particles
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