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Background Removal Effect in Estimation of Household Waste
by Image Recognition
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Abstract: This study aims to automatically identify recyclable resource materials from images taken of household waste. We
compared the accuracy of estimation by machine learning between the captured image and the image from which the background
was removed. We used TrashNet as the dataset, trained with a CNN using VGG16 transition learning, and then classified actual
images of household waste. As a result, there are differences in the accuracy of estimation by waste type, but we found that pre-

processing to remove the background improved the accuracy of the estimation.
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