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Analysis of Automobile Assembly Work Videos
by Temporal Action Segmentation

Abstract: In recent years, there has been a growing demand for analysis of worker behavior in factories
such as automobile assembly. Temporal action segmentation is expected as a solution that can confirm
work procedures and the time required for each task. However, compared to general datasets, automobile
assembly work videos targeted in this study are difficult because automobiles occupy larger areas than the
worker of interest in the video, and the automobiles are constantly moving. Therefore, this study verifies
the effectiveness of several existing temporal action segmentation methods on this problem. This study also

attempts to use multiview videos to improve temporal segmentation accuracy.
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UVAST 86.96 96.29 93.57 92.70 86.51
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Model Input/feature  Acc Edit F1@10% F1@25% F1@50%
MS-TCN B AT 87.39 94.86 94.64 92.53 85.27
MS-TCN M {5 86.91 94.43 94.16 92.57 84.58
MS-TCN FEMEOERS  87.64 94.20 94.35 92.77 87.44
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MS-TCN B 48.82 75.86 52.83 41.51 30.19
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MS-TCN R 4147 58.62 44.00 40.00 36.00
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