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Figure 3.1 Training data.
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Table 3.1 Number of data.

Id | Name Number | After pretreatment
0| Nobel Active 3.0 8 9016
1 | Bio Horizons Internal Implant 4 4508
2 | Bio Horizons Laser-lok Tapered 6 6762
3| Bio Horizons External Implant 4 4508

AKAFZETIL, 4 DA LT T e 2 BEHOA VT T
Y MIZTT, FRENFEEEES. 2K, AFEED
FEBRIEL WSS, EoA T T MELRE
BITETCWHNEIEMRICHERTE 5.

3.2 HIMLE
AificBw LA T b Ly M UEBIT L
TRILHEE 21T 5. ATALERIX, ANLHERRICT — X 258 S8

BHENC, T—HE ANTHENFE T HRICERTHZ L
ThHoDH., T2 TIERTAHEN S B LEbND HNK
FIRLERIZ 7 D AR CITATAE L L, [a#E (-80~80
BE), BEK - HEN (0.7~1.3 %), BV A XD — (100X
100x3), IEHML (07255 2 071 O#FH~) % L7=. B
PROFEM2EEZ X 3. 2 IZRT.

i
ol

Figure 3.2 Preprocessing.
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Table 3.2 Two types and Four types of learning data.

Id.1 1d.2 Train Test

0,1,2,3 19159 5635
0 1 10143 3381
0 2 12397 3381
0 3 10143 3381
1 2 9016 2254
1 3 6762 2254
2 3 9016 2254
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Layer (type) Qutput Shape Param #

conv2d (ConvZD) (None, 98, 98, 32) 896

max_pooling2d (MaxPooling2D (None, 49, 49,32) 0
)

conv2d_1 (Conv2D) (None, 47, 47, 64) 18496

max_pooling2d_1 (MaxPooling (None, 23, 23,64) 0
2D)

conv2d_2 (Conv2D) (None, 21, 21, 128) 73856

max_pooling2d_2 (MaxPooling (None, 10,10,128) 0
2D)

flatten (Flatten) (None, 12800) 0
dropout (Dropout) (None, 12800) 0
dense (Dense) (None, 512) 6554112
dense_1 (Dense) (None, 2) 1026

Total params: 6,648,386
Trainable params: 6,648,386
Non-trainable params: 0

Figure 3.3 Configuration of the neural network used

in the study.
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Table 4.1 Learning results of four types of

implants.
Loss Accuracy Validation | Validation | Test Test
Loss Accuracy | Loss Accuracy
0.006 0.998 1.241 0.451 0.999 0.617

Table 4.2 Learning results of two types of

implants.
Id.1 1d.2 | Loss Accuracy | Validation Validation Test Test
Loss Accuracy Loss Accuracy
0 1| 0.002 0.999 0.000 1.000 | 0.000 1.000
0 2| 0.003 0.999 0.008 1.000| 0,016 0.991
0 3| 0.001 1.000 0.008 1.000 | 0.069 0.975
1 2| 0.051 0.984 7.404 0.029| 3.029 0.579
1 3| 0.001 1.000 0.153 0.963 | 0.022 0.992
2 3| 0.000 1.000 0.023 0984 0.236 0.922
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