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An Image Classification Algorithm
for a Memory Impaired Person Support System

RYODAI HAMASAKI' KOSUKE MATSUMOTO' KENSUKE KAWABATA'
KAJAHARA SHIN' CHIKA OSHIMA' KOICHI NAKAYAMA''

Abstract: This paper constructed a memory impairment support system, "Sahasra" that allows dementia patients to search for lost
items. Sahasra consists of a moving object detection unit, a classification unit for moving objects, and an object recognition model
creation unit. In the classification unit for moving objects, I proposed a classification method that combines deep learning features
and object size. The results of a comparative experiment showed that the proposed classification method can perform higher

accurate classification than that of a conventional image classification method.
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Fig 11 Graph of loss value against number of training sessions
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Table 2 Evaluation results

Average Precision 0.84
Average Recall 0. 96
Average F-measure 0.89
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