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A Study for Estimating the Popularity of Online Novels

YUNOSUKE SAKAIY'®  EISUKE ITO?

Abstract: Inrecent years, online novel submission and reading services have become popular on the Internet.
Online novels that have become popular are often sold as paperback books. Popular novels are sometimes
used as the basis for manga and anime. Since anyone can post a novel on CGM-type online novel posting
and browsing sites, a huge number of novels exist on the sites. If we can mechanically predict the popularity
of a novel earlier, it can be profitable for businesses such as book publishing and comic book production.
Readers can search for and recommend popular novels. For authors, the system can provide guidelines on
how to make a novel popular. In this study, we estimate the popularity of a novel by using its metadata
(title, author, synopsis, keywords) and the first part of the text. In this paper, we report the method of
estimating the popularity and a small-scale experiment using data from ”Shosetsuka ni Narou”.
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