TR TR E =
IPSJ SIG Technical Report

IYAL4—rEOFAD FWICEDE
A—YOZHRLTEREGEERELT(RET S
Visual Thinking 3%

Wl

HEE 4R, Twitter 2 L7 MRS AT DIV TV B8, TEROFIATIE T, HACEMIC X - THS
THHERIMY BHTLESTWND EE XD, R TlE, =—F0 Twitter 20 L CEERR2E ROMENESCE
R 2 R L5 < THHMAEIRET 5. M2, Twitter LY A — M &, BEDZ—4 v ML TH
EM72H O ETRERNRS DT DR TR HEEATD, TORBRIE->TY A — MR LoD, Zhb
Fo—FHENG O CTHEHET 5 2 & CHiEZtE) 55 Visual Thinking % BT 52 AT A% FH4
L. BREEBRTIE, VAT LAEFHALTCEED Ny ZIZBET 2R EEIToTHEH I ZETYATLADAR)
PEERRGE LT, TORREEILICERESHDOELEEIRRD.

F—7J— F : Twitter, R HR 4344, Visual Thinking

Visual Thinking Support to Facilitate
Acquiring and Understanding of Diverse Information
based on Tweet Sentiment Analysis

KEIJI URAWAKIT MAKOTO NAKASHIMAT

Abstract: In order to tackle confirmation bias and avoid echo chamber effect in using Twitter, we propose a novel
system that makes it easier for users to understand all perspective by classifying the tweets as positive or negative
opinion and supporting visual thinking using these classified tweets. We prepared a finetuned targeted sentiment
analysis model for precisely classifying the tweets. An authoring tool for supporting visual thinking is also developed
to allow the users to freely sort and reorganize the classified tweets. In an experiment with 10 university students,
the efficacy and usability of the proposed system was revealed in understanding an overall picture of opinions for a

specific tweet topic.
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Figure 1 Conceptual diagrams of using positive-negative

classification of tweets (left) and a word cloud (right).
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Figure 2 Conceptual diagram of the authoring tool.
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Figure 3 The architecture of VTS system.
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Figure 7 Examples of positive and negative tweets about

“programming.”
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Figure 8 An example of a word cloud for “Programming.”
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Figure 9 Questionnaire Results.
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Figure 10 An example of clustering positive and negative

opinions.
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Figure 11 An example of clustering according to topics.
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Figure 12 An example of clustering combining aforementioned

two ways.
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