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Estimating the Discarding Tiles by Supervised Learning Using
Mahjong Game Records

SHINJI MATSUDA! ITO EISUKE?

Abstract: Research on artificial intelligence in games is becoming more and more active. In complete information games such as
Shogi and Go, Al has outperformed top human players. In recent years, research on game Al for incomplete information games
such as poker and mahjong has also been active. The first step in creating a mahjong Al is to imitate the top players. The objective
of this research is to estimate the tiles to be discarded by supervised learning using mahjong game records. As the training data for

supervised learning, we used the mahjong game records of the mahjong game "Tenho".
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train/loss 0.256
train/accuracy 0.914
validation/loss 1.621
validation/accuracy 0.590
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