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A Preliminary Study on a Weather Identification Application
Using Automatic Machine Learning

Abstract: In recent years, the need for local weather observation has increased for various applications. For
instance, predicting local weather phenomena such as guerrilla rains and tornadoes require detailed ground-
based observation network. In addition, recording weather conditions in an individual’s environment can
be used for the purpose of treating physical illnesses caused by changes in climate and weather, known as
weather-related diseases. Therefore, this study develops a smartphone application that discriminates the

weather using automatic machine learning.
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