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Make 3D cable model from RGB image
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Abstract. Along with the electrification, there are so many electrical equipment are used in our daily life. In using
those equipment we need cables to charge them or transmit signal and so on. Therefore there is a requirement on
cables in our life. But, too many cables will become problems. We think if we can resolve those problems with
robot it will save much time for people. But, unfortunately,from now, there is no system which can manipulate
cables with robot . The reason is cable has a deforming nature that its shape is irregular . When you want to use
robot to manipulate something you need to recognize it from picture. However,we can not recognize cables state
and we can not record cables position correctly from picture. But, we think recognize cables from 3D model is
possible. Therefore, in this paper, we made a system which can build a 3D voxel model base on 2D image as a

beforehand for use robot to manipulate cables.
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