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Quiz genre estimation by machine learning

TUBASA YOoDoGAWAL?)  EISUKE ITO2

Abstract: A quiz consists of a question and unique answer. Human beings have enjoyed quiz as an intel-
lectual entertainment since ancient times. The quiz format is also used in exams in teaching and learning.
Quiz answering Al was created as an example of artificial intelligence. Recently, quiz tournaments are held,
and guiz game is played as a sports game in the tournament. Players fight as a mental/psychological war,
audience enjoy their games. Players train and learn quizzes to win the quiz tournament. For quiz training,
player uses a lot of quizzes which are created from the past to the present. To select an appropriate training
quiz, it is necessary to categorize the quiz genres and to quantify the difficulty. In this study, we propose an
automatic genre estimation method using machine learning. This paper shows the method and some results
of small-size experiment.
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