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Automatic Face Completion of Human Illustration
Using Deep Learning

DAIKI YAMAMOTO™'  TAKUMI UEMURA !
OJIMA SHUICHI™

Abstract: Our goal is to develop the computer aided technology for drawing human illustrations. We first attempt to automatically
generate faces. Among the face drawing techniques, the technique of drawing face parts( eyes, nose, mouth, etc.) takes time to
learn. In this study, we propose a method for automatically complementing faces in human illustrations based on the method of
lizuka et al., which automatically generates missing parts in natural images, and the method of Simocera et al., which automatically
generates line drawings from rough drawings. As a result, large parts such as eyelashes and eyes can be reproduced, but blurred

images are outputted.
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Figure 1 Overview of the proposed method.
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Table 1 Configuration of the neural network.
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Figure 2

Configuration of the neural network.
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Table 2 Dataset details.
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Figure 3 Result of experiment 1.
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Figure 4 Result of experiment 1.
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