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Sparse Representation and Classification of Malware
Using Random Projection and Dictionary Learning

Avamr Kanpal Tomova Sakart

Abstract: Malicious software, a.k.a. malware, is increasing threats to computer safety. It often takes a
from of executable code created as a subspecies with partial modifications of existing malware. Classifying
the malware instances and discovering their modifications enable us to identify the possible security threads.
Sparse representation of a malware instance can indicate its corresponding malware family. To improve
the scalablility of this sparse-representation-based malware classification, this paper proposes to employ an
efficient algorithm of random projection and the so-called discriminative dictionary learning.
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