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Consideration on input dimension reduction in Q learning of continuous
state input
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Abstract: In recent years, with the development of robot technology, the expectation for machine learning which learns by itself
is increasing, and research using multi agents is carried out. In this research, we assume an environment where multiple autonomous
agents cooperate and learn by using high dimensional input space, and use half field soccer for environment model. Learning is
conducted using multiple agents of attackers and defenders, attackers act as goals and assistants, and defenders act as passcuts.
Learning uses Q learning, and the state space is composed of high-dimensional input space from distances and angles to other

agents, balls and goals, and experiments were performed.
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