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Temporal Aggregation of Null Time with VIP and Period Preferences
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Abstract: In this paper, we developed efficient algorithms for null time aggregation in large temporal databases, especially from
event database where a series of events associated with time intervals. A null time interval is a time interval where no any events
associated with it. Null times are assumed for scheduling new events from a large number of members. We propose « coalescible

and interval shrink to handle this issue and preliminary experiments showed that our approach is feasible.
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