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Conceptual dictionary Japanese WordNet is a useful tool in natural language processing. However, it is officially announced that
the Japanese WordNet contains 5% errors. In this paper, we classify errors in the Japanese WordNet and discuss automatic

detection methods of the errors.
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Figure 1  Synsets and words in Japanese WordNet.
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Figure 2.2 Type-2 All-wrong
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Figure 2.3 Type-3 One-to-one-wrong
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Figure 2.4 Type-4 Fundamentally-wrong
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